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It has been demonstrated that online consumer reviews
are an important source of information that affect indi-
viduals’ purchase decision making. To understand the
influence of online reviews, this study extends prior
research on information adoption by incorporating the
perspective of herd behavior. We develop and empiri-
cally test a research model using data collected from an
existing book review site. We report 2 major findings.
First, argument quality and source credibility predict
information usefulness, which affects the adoption of
online reviews. Second, we determine that the adoption
of online reviews is also influenced by 2 herd factors,
namely, discounting own information and imitating
others. We further identify the key determinants of these
herd factors, including background homophily and atti-
tude homophily. The theoretical and practical implica-
tions are discussed.

Introduction

Recent Internet technologies have provided online users

with many opportunities to share information with others.

Online communities, including discussion forums and social

networking sites, appear to be the most active places where

users’ information sharing takes place. For some online

communities, such as Tripadvisor.com and Yelp.com, the

focal information people are interested in is online

consumer reviews. These online reviews, also known as

electronic word-of-mouth (eWOM), contain consumers’

evaluations and opinions of a wide range of products or

services. They are often contributed and shared by consum-

ers with prior purchase experience. Hence, other people in

online review communities can adopt such information to

reduce product and purchase uncertainty in their future

decision-making process. A recent industrial survey shows

that 78% of online users believe their purchase decisions are

influenced by online reviews (eMarketer, 2013).

The business value of online reviews has been attracting

increasing attention among scholars (e.g., Chevalier &

Mayzlin, 2006; Duan, Gu, & Whinston, 2008; Mudambi,

2010). An important stream of research sheds light on con-

sumers’ information adoption of online reviews (Cheung &

Thadani, 2012; Zhang, Zhao, Cheung, & Lee, 2014). Infor-

mation adoption considers the internalization phase, in

which individuals accept information from external sources

to enhance their knowledge or improve their decision

making (Sussman & Siegal, 2003). It can be viewed as a

form of informational influence because individuals are

influenced by information from others and accept it as cred-

ible evidence of reality (Eagly & Chaiken, 1993). In this

regard, informational factors, including factors related to

information itself and information sources, may have

primary effects on individuals’ assessment of the informa-

tion (Wathen & Burkell, 2002; Zhang & Watts, 2008).

Cheung, Luo, Sia, and Chen (2009) noted that only consid-

ering the influence of informational factors may be insuffi-

cient because online reviews are socially aggregated in

online communities. They added normative factors along

with informational factors in their online review adoption

model to highlight the influence of group opinions.
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In this study, we propose that factors associated with

consumers’ herd behavior may also be important in under-

standing consumers’ online review adoption process. Herd

behavior refers to the extent to which “people will be doing

what others are doing rather than using their information”

(Banerjee, 1992, p. 797). According to Chen, Wang, and Xie

(2011), consumers’ decisions are often affected by their

online social interaction with others. Online social interac-

tion may broadly refer to any online actions from a nonmar-

keter that influence consumers’ judgments and valuations of

products or services (Godes et al., 2005). Two types of online

social interaction are identified in the existing literature:

information-based social interaction (e.g., Jansen, Zhang,

Sobel, & Chowdury, 2009) and behavior-based social inter-

action (e.g., Duan, Gu, & Whinston, 2009). Information-

based social interaction suggests that consumers may draw

on others’ opinions or information for decision making.

Behavior-based social interaction highlights that consumers

may also learn from others’ purchase behavior to make deci-

sions. According to this perspective, informational factors in

online review communities may be linked to information-

based social interaction. Likewise, we conjecture that herd

factors in this context may be associated with behavior-based

social interaction. This is consistent with prior research,

which posits that herd behavior may take place after indi-

viduals learn from many others’behaviors (Chen et al., 2011;

Zhang & Liu, 2012). In online review communities, herd

behavior often occurs given that consumers can easily iden-

tify popular products based on the number of reviews.

Research shows that hit products are likely to attract many

consumers to purchase and post new reviews (Escalas &

Bettman, 2003). Moreover, the number of online reviews for

these products tends to peak within a short time (Duan et al.,

2008). This positive feedback mechanism indicates that the

current volume of online reviews affects many consumers’

purchase behavior, which in turn enables them to contribute

postconsumption reviews (Godes & Mayzlin, 2004).

Although herding is likely to occur in this context, it remains

unclear how consumers herd to adopt online reviews of

popular products and then make their purchase decisions

(Huang & Chen, 2006). It is thus worthwhile to consider both

salient informational factors (i.e., information-based social

interaction) and herd factors (i.e., behavior-based social

interaction) to better understand the adoption of online

reviews in online communities. In this study, we accordingly

ask the following two research questions:

1. How do informational factors affect consumers’ online

review adoption in online communities?

2. How do herd factors affect consumers’ online review

adoption in online communities?

We expect that the present study can contribute to the

existing literature in several ways. First, many studies have

shed light on factors that drive consumers’ information

sharing behavior in online communities (e.g., Chiu, Hsu, &

Wang, 2006; Lee, Cheung, Lim, & Sia, 2006). However,

much remains unknown regarding how consumers are influ-

enced by receiving information in online communities

(Cheung, Lee, & Rabjohn, 2008). The present study adds to

existing studies by examining the adoption of online reviews

in online communities. Second, we extend prior research on

information adoption by considering the role of herd factors.

Merely considering informational factors may be insuffi-

cient to account for the adoption of online reviews in online

communities (Cheung et al., 2009). Third, we further iden-

tify the key determinants of herd factors. This will help us

understand what factors are conducive to promoting con-

sumers’ herd behavior, which leads to a higher tendency of

adopting online reviews. Finally, research on herd behavior

in the information systems (IS) literature is still limited

(Sun, 2013).

The rest of this article is organized as follows. First, we

present the theoretical background of this research. Then,

we build our research model and develop hypotheses to

articulate consumers’ online review adoption process. Next,

we empirically test the model using an online survey study,

followed by analyzing the data with a structural equation

modeling approach. Finally, we discuss the findings of this

research, note limitations and future research opportunities,

and summarize this study with implications for both

researchers and practitioners.

Theoretical Background

To develop a research model for this research, we draw

on three areas of prior studies: the information adoption

model, herd behavior, and the theory of homophily.

Information Adoption Model

The information adoption model was originally pro-

posed by Sussman and Siegal (2003). They applied the

model to explain what factors are important in driving indi-

viduals to adopt information in an organizational context.

The model is built on two bodies of theories: theories of

adoption and theories of informational influence. Adoption

theories, including the theory of reasoned action (Ajzen &

Fishbein, 1980) and the technology acceptance model

(Davis, 1989), suggest that beliefs are important determi-

nants of individuals’ intention to adopt certain behavior or

information technologies. These beliefs may include per-

ceived usefulness and perceived ease of use. In the context

of information adoption, perceived usefulness of informa-

tion is likely to be a salient belief that drives people to

adopt the information.

The theories of informational influence explicate the

process through which individuals are influenced by

the information they receive (Sussman & Siegal, 2003). The

elaboration likelihood model (ELM) is one of the most

prominent theories of informational influence (Petty &

Cacioppo, 1986). ELM posits that information will be

processed through two routes in terms of the level of

individuals’ cognitive elaboration: the central and peripheral

2 JOURNAL OF THE ASSOCIATION FOR INFORMATION SCIENCE AND TECHNOLOGY—•• 2015

DOI: 10.1002/asi

JOURNAL OF THE ASSOCIATION FOR INFORMATION SCIENCE AND TECHNOLOGY—November 2016

DOI: 10.1002/asi

2755



routes. The central route indicates that individuals invest

high cognitive effort to process information. In contrast, the

peripheral route suggests that individuals adopt heuristic

and simple decision rules to quickly form judgments. Prior

research shows that argument quality and source credibility

are two major factors that represent the central and periph-

eral routes, respectively (Sussman & Siegal, 2003; Zhang &

Watts, 2008). When individuals follow the central route to

process information, they develop perceptions regarding the

content of the information. In this respect, argument quality

refers to the extent to which individuals perceive the

received information as complete, consistent, and accurate

(Bailey & Pearson, 1983). On the other hand, when indi-

viduals use the peripheral route to process information,

they develop perceptions of the heuristic and noncontent

cues, such as the characteristics of information sources. In

this case, source credibility is defined as individuals’ percep-

tions regarding the credibility of information sources rather

than the content of the information (Petty & Cacioppo,

1986).

Drawing on the two theories, the information adoption

model posits that argument quality and source credibility are

key determinants of information usefulness, which further

leads to information adoption (Sussman & Siegal, 2003). It

suggests that individuals will be likely to identify received

information as useful if the information has high argument

quality and is provided by credible sources. Furthermore,

useful information will increase individuals’ likelihood of

adopting the information. The significance of the informa-

tion adoption model has been validated in a number of

previous studies. For instance, Cheung et al. (2008) applied

the model to understand consumers’ adoption of online

reviews in online communities. Shen, Cheung, and Lee

(2013) investigated the determinants of students’ informa-

tion adoption behavior in Wikipedia.

Herd Behavior

Eric Hoffer stated that (1955) “when people are free to do

as they please, they usually imitate each other” (p. 21). Prior

research has shown that herd behavior occurs in a wide

range of circumstances, including imitating others’ behavior

in financial markets (Choi, Laibson, Madrian, & Metrick,

2003), following others’ online auctions in eBay

(Simonsohn & Ariely, 2008), downloading popular software

products (Duan et al., 2009), and herding to adopt wiki

systems (Sun, 2013). Based on Banerjee’s (1992) definition,

herd behavior is associated with two characteristics, namely,

discounting own information and imitating others (Sun,

2013). Discounting own information refers to the extent to

which individuals disregard their own information or beliefs

when making a decision. Imitating others denotes that indi-

viduals follow others’ decisions or behaviors when herding.

In this study, we refer to these two factors as herd factors.

Prior research shows that herd behavior tends to occur under

two primary conditions: decision uncertainty and the

observation of others’ behavior (Sun, 2013). This is because

when an individual is faced with uncertain circumstances or

has incomplete information, he may disregard his own infor-

mation and then follow many others’ behavior (Walden &

Browne, 2007). To imitate others’ behavior, an individual

will need to observe their actions first. In this case, the

number and identity of preceding others may be important

factors. If preceding others are making the same choice,

especially when they are opinion leaders or believed to have

made the right decisions, then the individual tends to follow

this choice (Bandura, 1986).

Prior research notes that herding may play an important

role in individuals’ decision-making process (Devenow &

Welch, 1996). This is because individuals may try to make

decisions based on observing and making inferences from

the information or behavior of others during herding (Sun,

2013; Walden & Browne, 2007). For instance, in the context

of financial markets, people may herd when they want to

reduce uncertainty and avoid information asymmetry

(Devenow & Welch, 1996). Lao and Singh (2011) posited

that herding occurs when an individual mimics others’

behavior and believes that others’ decisions are better

informed. If the influence of preceding others’ behavior is

remarkably strong, then the individual may completely rely

on the herd’s behavior rather than his own information. Prior

research contends that herding is likely to occur in online

environments because (a) individuals’ own information is

often limited and inaccurate, (b) many alternative products

can be chosen for consumption, and (c) it is easy to identify

a vast amount of information about others’ purchase deci-

sions and product evaluations on the Internet (Duan et al.,

2009). A recent empirical study by Zhang and Liu (2012)

examined herding in the context of online microloan

markets. They found that lenders tend to justify their herd

behavior by actively making inferences and learning from

other lenders’ behavior. In summary, the herding perspective

in the extant literature helps delineate the process where

people learn from others’ behavior (Chen et al., 2011). It

further suggests that herding may be closely related to indi-

viduals’ decision-making process (Duan et al., 2009).

Theory of Homophily

The homophily principle is viewed as an important

social principle in the existing literature (McPherson,

Smith-Lovin, & Cook, 2001). Homophily, sometimes

known as similarity, refers to the degree to which people are

similar regarding certain attributes (Rogers, 1983). These

attributes may include demographic characteristics, prefer-

ences, interests, and psychological traits (Bruyn & Lilien,

2008). The primary implication of homophily theory is that

people tend to interact with similar others (McPherson et al.,

2001). This view is consistent with the like-me principle

proposed by Laumann (1966). Prior research has shown that

information flow is likely to be activated among homophi-

lous individuals (Brown & Reingen, 1987). Individuals tend

to perceive a strong influence from homophilous others

(Rogers, 1983). Brown and Reingen (1987) noted that
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preference for interacting with similar others is a fundamen-

tal rule of human social interactions.

To develop the measurement of homophily, prior research

contends that perceived homophily or perceived similarity

may be more precise and important than objective and real

similarities (e.g., gender and race) (McCroskey, Richmond,

& Daly, 1975). McCroskey, McCroskey, and Richmond

(2006) further posited that perceived homophily should be

measured as a multidimensional construct. Based on previ-

ous studies, they identified two dimensions of homophily,

namely, background homophily and attitude homophily.

Background homophily highlights social background simi-

larities, and attitude homophily emphasizes similar values,

preferences, and attitudes between a pair of individuals. The

two homophily dimensions are distinct from each other and

are nonorthogonal (McCroskey et al., 2006).

Research Model and Hypotheses Development

Building upon the theoretical background, we develop

our research model as shown in Figure 1. In the context of

online review communities, we hypothesize that argument

quality and source credibility may affect information use-

fulness. Information usefulness will then predict informa-

tion adoption. Next, we propose that two herd factors,

namely, discounting own information and imitating others,

will be predicted by background homophily and attitude

homophily. We further propose that the two herd factors will

also influence information adoption.

Informational Factors and Information Adoption

Argument quality and source credibility are the informa-

tional factors we consider in this study. According to the

information adoption model, argument quality and source

credibility have positive effects on information usefulness,

which further affects information adoption (Sussman &

Siegal, 2003). In online review communities, online reviews

of high argument quality are beneficial to consumers

because they provide complete and accurate product evalu-

ations (Cheung et al., 2008). In this regard, consumers will

find the reviews useful and valuable and employ them to

reduce uncertainty in their purchase process. We provide the

following hypothesis:

H1: Argument quality is positively associated with informa-

tion usefulness

Similarly, credible sources of online reviews indicate that

the sources, that is, the review contributors, are expert,

knowledgeable, reliable, and trustworthy (Petty &

Cacioppo, 1986). Prior research shows that information

from credible sources is likely to be useful and easy to

transfer (Ko, Kirsch, & King, 2005). In this context, we also

expect that consumers will perceive online reviews as useful

if they find that these reviews are contributed by credible

others. Thus, the following hypothesis is proposed:

H2: Source credibility is positively associated with informa-

tion usefulness

When consumers find online reviews useful, they are likely

to use such information to make informed purchase deci-

sions. Given that the relationship between information use-

fulness and information adoption has been confirmed in

previous studies (e.g., Shen et al., 2013; Zhang & Watts,

2008), we accordingly propose the following hypothesis to

articulate that consumers are likely to adopt online reviews

if they find these reviews useful:

H3: Information usefulness is positively associated with

information adoption

Antecedents of Herd Factors

In this research, we refer to discounting own information

and imitating others as the two herd factors. We employ

discounting own information to describe the extent to which

FIG. 1. Research model.
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the consumer will be less responsive to his own information

but will refer to others when adopting online reviews. Imi-

tating others refers to the degree to which a consumer imi-

tates others’ product choices or decisions when adopting

online reviews. Drawing upon the homophily theory, we

propose that background homophily and attitude homophily

may be the key antecedents of the two herd factors. The

underlying rationale is that the homophily principle has

been found to be a basic principle for people’s social

interactions (McPherson et al., 2001). It helps explain why

people are prone to interact with others similar to themselves

and more likely to be influenced by them. Meanwhile, prior

research shows that herding can be viewed as a form of

behavior-based social interaction (Chen et al., 2011). It

depicts how people learn from and follow others’ behavior.

From this perspective, we expect that significant

relationships may exist between homophily factors and herd

factors.

In the current research context, we refer to background

homophily as consumers’ perceived similarities with the

social class, background experience, or economic situations

of review contributors. A consumer is likely to identify

himself in a social group with review contributors who

have similar social backgrounds. Prior research has shown

that identification in a social group is positively related to

trust (Blanchard & Markus, 2004). In this regard, the con-

sumer tends to trust online reviews from similar contribu-

tors. The consumer may prefer to rely on the reviews and

be less responsive to his own information. This behavior

may be more prominent if he finds that many review con-

tributors in the social group consistently post online

reviews on a product. Therefore, we propose the following

hypothesis:

H4: Background homophily is positively associated with dis-

counting own information

We propose that background homophily may also have a

significant impact on imitating others. If a consumer finds

himself in a social group with review contributors of

similar social backgrounds, he is more likely to follow the

behavior of many group members. Prior research posits that

identification may lead to participating in activities in

social groups (Casaló, Flavián, & Guinalíu, 2010). Users

who recognize themselves in social groups prefer to behave

together with other members (Cheung & Lee, 2010).

According to these perspectives, we propose the following

hypothesis:

H5: Background homophily is positively associated with imi-

tating others

This study defines attitude homophily as consumers’ per-

ceived similarities with the preferences, values, or tastes of

review contributors. We expect that attitude homophily will

positively lead to discounting own information. Prior

research shows that people with similar values are more

likely to trust each other (Levin & Cross, 2004). In this case,

consumers tend to trust online reviews from others with

similar values, thus relying on these reviews and being less

responsive to own information. Thus, the following hypoth-

esis is proposed:

H6: Attitude homophily is positively associated with dis-

counting own information

Similarly, we expect that after a consumer observes many

similar others’ behavior, he will infer that these persons

have made a right choice that should be followed. Prior

research on herd behavior has posited that imitation occurs

in a network with homogeneous preferences (Banerjee,

1992; Bikhchandani, Hirshleifer, & Welch, 1992). Goeree,

Palfrey, and Rogers (2006) also indicated that people

follow many others’ behavior if they share identical pref-

erences. Based on these studies, we propose the following

hypothesis:

H7: Attitude homophily is positively associated with imitat-

ing others

Influences of Herd Factors

In this research, we further propose that the two herd

factors may be positively associated with consumers’ deci-

sion to adopt online reviews. This is consistent with the view

that herding may influence individuals’ decision-making

process (Duan et al., 2009). More specifically, we expect

that the first herd factor, discounting one’s own information,

may have a positive effect on information adoption of online

reviews. When a consumer discounts his own information,

he will need to search for external information to improve

the confidence of making a right decision (Chen & Chaiken,

1999). In online review communities, this means the con-

sumer will refer to and even rely on online reviews from

others (Zhang et al., 2014). In this case, the influence from

external information (i.e., online reviews) may be stronger

than the influence from his own information. Thus, the con-

sumer will have a strong tendency to accept what others

recommend in their online reviews. Thus, we propose the

following hypothesis.

H8: Discounting one’s own information is positively associ-

ated with information adoption

Similarly, we develop a hypothesis that associates imitating

others and information adoption. In online review commu-

nities, informational cues, including the content and volume

of online reviews, are often provided. These cues may con-

tribute to the occurrence of herding and result in a high level

of imitating others. In this case, a consumer who has a high

tendency to follow others’ behavior can use online review

cues to infer the quality and popularity of products (Park,

Lee, & Han, 2007). The consumer can therefore better

follow and learn from others’ purchase behavior by exam-

ining how others have commented on products in reviews.

This is consistent with Zhang and Liu’s (2012) view that

people tend to justify their imitating behavior by purposely

learning from others. Prior research in the IS adoption lit-

erature also provides empirical evidence regarding the rela-

tionship between imitating others and behavioral adoption

(Sun, 2013). From these perspectives, we propose that
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imitating others is likely to affect consumers’ adoption of

online reviews. Thus, the following hypothesis is proposed:

H9: Imitating others is positively associated with informa-

tion adoption

Research Method

To empirically test the research model, we conducted an

online survey in the present study. We collected data in an

existing online review community to gather real field infor-

mation for the research context. Detailed information about

the research site, measures, and data collection is given as

follows.

Research Site

In this study, we chose Douban.com, a Chinese online

review community, as the research site. Douban.com was

established in 2005 and has become one of the most popular

online review communities that allow Chinese users to con-

tribute and share online reviews about books. Millions of

online reviews have been contributed on the website. Dou-

ban.com offers various ranking lists to show highly popular

items across different categories of books. For instance,

popular books include The Da Vinci Code, with over

102,000 reviews, and Le Petit Prince, with more than

146,000 reviews. We believe Douban.com provides many

opportunities for online users to consider their information

adoption of online book reviews. The website can also

stimulate users’ herd behavior by allowing them to identify

popular books on the website. Douban.com appears to be an

appropriate research site for this study.

Measure

In this study, we adapted well-validated measures from

prior research, which were slightly modified to fit our

research context. All measures used multiple items to opera-

tionalize the constructs in the research model. We applied a

7-point Likert scale for the items, from 1(strongly disagree)

to 7(strongly agree). Table 1 illustrates the measures of

the constructs. To collect data in a Chinese online review

TABLE 1. Measures of constructs.

Construct Item Reference

Argument quality (AQ) AQ1: The reviews on Douban are complete.

AQ2: The reviews on Douban are accurate.

AQ3: The reviews on Douban are objective.

(Park et al., 2007; Sussman

& Siegal, 2003)

Source credibility (SC) SC1: People who left comments are knowledgeable on this topic.

SC2: People who left comments are an expert on this topic.

SC3: People who left comments are trustworthy.

SC4: People who left comments are reliable.

(Sussman & Siegal, 2003)

Information usefulness (IU) IU1: The reviews on Douban are valuable.

IU2: The reviews on Douban are informative.

IU3: The reviews on Douban are helpful.

(Sussman & Siegal, 2003)

Background homophily (BH) BH1: People who left comments are from a social class similar to mine.

BH2: The backgrounds of people who left comments are similar to mine.

(Brown & Reingen, 1987;

McCroskey et al., 2006)

Attitude homophily (AH) AH1: People who left comments share my values.

AH2: People who left comments have a lot in common with me.

(Brown & Reingen, 1987;

McCroskey et al., 2006)

Discounting own information

(DOI)

DOI1: I do not rely on my own information about the book in making the decision to buy.

DOI2: I choose to buy the book, even though I may have preferred a different one.

DOI3: If I don’t know the popularity of this book on Douban, I may have chosen a

different book to read.

(Huang & Chen, 2006; Sun,

2009)

Imitating others (IO) IO1: I purchase the book because it appears to be on the list of best sellers.

IO2: I choose to buy the book because it has already been read by many people on

Douban.

IO3: I follow others on Douban in buying the book.

(Huang & Chen, 2006; Sun,

2009)

Information adoption (IA) IA1: I will consider the shopping experiences of other users on Douban when I want to

shop.

IA2: I will ask other users on Douban to provide me with their suggestions before I go

shopping.

IA3: I am willing to buy the products recommended by other users on Douban.

(Liang, Ho, Li, & Turban,

2011; Zhang & Watts,

2008)
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community, this study translated the original English instru-

ments into Chinese with the help of two doctoral students.

The students were familiar with Douban.com and were pro-

ficient in both English and Chinese. They performed the

translation (from English to Chinese) and back-translation

(from Chinese to English) processes. Any inconsistencies

were solved to ensure that the Chinese instruments have

adequate translation quality. Furthermore, we invited a small

sample of users (N = 20) from Douban.com to provide feed-

back on the Chinese instruments. The final instruments were

therefore improved based on the feedback.

Data Collection

Because no e-mail list was available to reach the regis-

tered users of Douban.com, we randomly broadcasted the

URL of our online questionnaire through the internal

message system of the website. To maximize possible

responses, we also posted invitation messages in popular

“interest groups” on the website, where many users can

interact with others of similar interests. Finally, a total of

376 valid responses were collected for this study. To test

possible nonresponse bias, we compared the compositions

of the first 50 and last 50 respondents. The result showed

that no significant differences were found, indicating that

nonresponse bias might not be a serious concern for this

study. Table 2 depicts the demographic characteristics of the

sample. It shows that 47.3% were males, and 52.7% were

females. More than 50% of the respondents were 21 to 25

years of age, 61.6% were undergraduate students, and

81.1% had been using Douban.com for more than 1 year.

Data Analysis and Results

To analyze the data, we used partial least squares (PLS)

in this study. PLS is a widely adopted structural equation

modeling approach in the IS literature (e.g., Ahuja &

Thatcher, 2005; Venkatesh & Morris, 2000). It can accom-

modate a relatively small sample size and has no restriction

on normal distribution of the sample (Chin, Marcolin, &

Newsted, 2003). We employed SmartPLS 2.0.M3 to test our

research model. The two-step procedure of Hair, Anderson,

Tatham, and Black (1998), including the measurement and

structural models, was adopted as follows.

Measurement Model

In the measurement model, we examined the convergent

and discriminant validity of the measures. Convergent valid-

ity assesses the extent to which items of the same construct

are highly correlated, as the items have the same conceptual

domain. Composite reliability (CR) and average variance

extracted (AVE) are two widely adopted indicators to evalu-

ate convergent validity. Convergent validity is deemed

acceptable if the CR values are greater than 0.7, and the AVE

values are higher than 0.5 (Fornell & Larcker, 1981). As

shown in Table 3, the CR and AVE values of all constructs

met these requirements. Therefore, the convergent validity

of the measures was sufficient in this study.

Discriminant validity examines the differences between

constructs that are theoretically distinct. If the square root of

the AVE for each construct is greater than the correlations

between the construct and others, then discriminant validity

can be confirmed (Fornell & Larcker, 1981). As shown in

Table 4, the discriminant validity of the measures was also

acceptable in this study.

TABLE 2. Demographic characteristics.

Number Frequency

Gender Male 178 47.3%

Female 198 52.7%

Age Below 20 13 3.5%

21–25 214 56.9%

26–30 82 21.8%

31–35 40 10.6%

36–40 18 4.8%

Above 40 9 2.4%

Education Primary/elementary school 1 0.3%

High school 6 1.6%

Vocational/technical school

diploma

32 8.5%

Undergraduate 232 61.7%

Master or above 105 27.9%

Duration Below 6 months 45 12.0%

6–12 months 26 6.9%

1–2 years 97 25.8%

3–4 years 96 25.5%

Above 4 years 112 29.8%

TABLE 3. Descriptive statistics of constructs.

Item Loading Mean SD

Argument quality (AQ)

CR = 0.885; AVE = 0.721

AQ1 0.885 4.82 1.39

AQ2 0.889 4.84 1.29

AQ3 0.768 5.11 1.27

Source credibility (SC)

CR = 0.938; AVE = 0.792

SC1 0.888 4.65 1.43

SC2 0.901 4.71 1.34

SC3 0.921 4.42 1.32

SC4 0.849 4.22 1.39

Information usefulness (IU)

CR = 0.945; AVE = 0.852

IU1 0.921 5.06 1.29

IU2 0.922 5.12 1.36

IU3 0.926 5.24 1.41

Background homophily (BH)

CR = 0.954; AVE = 0.912

BH1 0.951 4.27 1.35

BH2 0.959 4.10 1.33

Attitude homophily (AH)

CR = 0.957; AVE = 0.917

AH1 0.958 4.33 1.27

AH2 0.957 4.34 1.29

Discounting own information

(DOI)

CR = 0.903; AVE = 0.756

DOI1 0.832 3.81 1.71

DOI2 0.896 3.67 1.66

DOI3 0.879 3.90 1.69

Imitating others (IO)

CR = 0.936; AVE = 0.830

IO1 0.917 3.63 1.64

IO2 0.932 3.86 1.63

IO3 0.884 3.61 1.66

Information adoption (IA)

CR = 0.919; AVE = 0.791

IA1 0.887 4.93 1.53

IA2 0.872 4.28 1.67

IA3 0.909 4.64 1.57
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Structural Model

Before testing the structural model, we examined the

common method bias given that a self-reported survey was

employed in this study. We addressed this concern by con-

ducting the Harman’s one-factor test (Podsakoff & Organ,

1986). The result showed that no single factor accounted for

a majority of variances in the items. We also examined the

multicollinearity of constructs in this study. The results

showed that the variance inflation factors (VIF) ranged from

1.711 to 2.939, which were far below 10 as indicated by

prior research (Mason & Perreault, 1991). In summary,

common method bias and multicollinearity were unlikely to

be serious concerns in this study. Next, we analyzed the

structural model of this research (as illustrated in Figure 2).

We found that argument quality (β = 0.487, t = 9.283) and

source credibility (β = 0.371, t = 6.702) are two key deter-

minants of information usefulness. Information usefulness

(β = 0.363, t = 8.015) showed a significant impact on infor-

mation adoption. Hence, H1, H2, and H3 were supported.

The results also showed that background homophily posi-

tively affected discounting own information (β = 0.162,

t = 2.414) and imitating others (β = 0.155, t = 2.241). Simi-

larly, attitude homophily had significant influences on dis-

counting own information (β = 0.363, t = 4.606) and

imitating others (β = 0.314, t = 5.095). Thus, H4, H5, H6,

and H7 were supported. Information adoption was addition-

ally predicted by discounting own information (β = 0.277,

t = 4.743) and imitating others (β = 0.201, t = 3.570), indi-

cating that H8 and H9 were also supported. Finally, the

variances explained in information usefulness, discounting

own information, and imitating others were 60.4%, 24.1%,

and 19.1%, respectively, and 42.4% of variances in informa-

tion adoption were explained.

Discussions and Conclusion

To understand the adoption of online reviews in online

communities, this study extends prior research by incorpo-

rating the influence of herd behavior. Drawing upon the

information adoption model, herd behavior, and the theory

of homophily, we develop a research model to explicate

consumers’ process of adopting online reviews. Our findings

show that informational factors, including argument quality

and source credibility, play positive effects on information

usefulness. Information usefulness produces the most sig-

nificant effect on information adoption. These results

confirm the important role of informational factors in affect-

ing consumers’ information adoption decision (e.g., Cheung

et al., 2008; Sussman & Siegal, 2003). It suggests that con-

sumers are likely to adopt online reviews that have high

argument quality and come from credible sources. In addi-

tion, our findings provide strong empirical support regarding

the influence of herd behavior. Consistent with Sun’s (2013)

study, we employ imitating others and discounting own

information as herd factors to describe consumers’ herding

behavior. Both herd factors are positively associated with

information adoption. Discounting one’s own information

has a stronger effect on information adoption than imitating

others. The significant effects of the two herd factors suggest

herding is likely to occur in online review communities.

When consumers prefer to discount their own information

and imitate others’ behavior in this context, they are likely to

justify these preferences (i.e., the herding) by adopting

others’ online reviews. Finally, our findings show that the

two herd factors are determined by background homophily

and attitude homophily simultaneously. Compared with

Sun’s study, which examined the impacts of decision uncer-

tainty and observation of others’ behavior on herd factors,

we find that the two dimensions of homophily explained

many more variances in imitating others (19.1%) and dis-

counting own information (24.1%). The important role of

homophily suggests that if a consumer perceives similar

social backgrounds and attitudes with online review con-

tributors, then he tends to disregard his own product infor-

mation and imitate these persons’ decisions. Such herding

propensity will thereafter lead to his adoption of online

reviews.

Limitations and Future Research

Before addressing the implications of this research, we

have to note several limitations and future research oppor-

tunities. First, this study only examines consumers’ online

review adoption in a Chinese online review community. The

cultural differences, characteristics of online review com-

munities, and type of products discussed in the communities

may have impacts on the results of the research model.

Therefore, future research should replicate the model of this

research in other broader settings. Second, compared with

the total number of users in online communities, the sample

size of this study is relatively small. Thus, similar research

may be conducted with an increased sample size to improve

the generalizability of the findings. Finally, the variances

explained in imitating others, discounting one’s own infor-

mation, and information adoption were 24.1%, 19.1%, and

42.4%, respectively. In this regard, there may be other

important factors missing in the model. Future research,

for example, may consider the impacts of factors beyond

informational and herd perspectives in understanding

consumers’ online review adoption. Similarly, it will be

TABLE 4. Correlations of constructs.

AQ SC IU BH AH DOI IO IA

AQ 0.849

SC 0.634 0.890

IU 0.723 0.680 0.923

BH 0.414 0.537 0.399 0.955

AH 0.571 0.677 0.536 0.706 0.957

DOI 0.251 0.39 0.297 0.418 0.477 0.870

IO 0.309 0.383 0.308 0.377 0.423 0.625 0.911

IA 0.407 0.526 0.508 0.421 0.570 0.511 0.487 0.889

Note. The bold diagonal values refer to the square roots of AVEs.
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relevant and useful for scholars to consider other possible

factors that drive consumers’ herd behavior in online review

communities.

Implications for Research

This research has several important implications for

theory and research. First, we enrich the understanding of

the influence of online reviews. At the market level, product

sales are found to be influenced by the level of review ratings

(Zhu & Zhang, 2010), the valence and volume of online

reviews (Berger, Sorensen, & Rasmussen, 2010; Chevalier

& Mayzlin, 2006; Duan et al., 2008), and the characteristics

of review contributors (Forman, Ghose, & Wiesenfeld,

2008). However, this line of studies provides limited insight

into individuals’ cognitive processes with regard to how

informational factors (e.g., factors related to information

itself and information sources) may affect ones’ decision-

making process. To address this concern, some recent

research has examined whether the characteristics of online

reviews or review contributors may have positive impacts on

consumers’ perceived helpfulness of these reviews

(Connors, Mudambi, & Schuff, 2011; Mudambi, 2010; Wu,

van der Heijden, & Korfiatis, 2011). It has also been shown

that information adoption is an important concept for under-

standing the influence of online reviews on individuals’ deci-

sion making (Cheung & Thadani, 2012). The information

adoption model can explain how informational factors, such

as argument quality and source credibility, may lead to con-

sumers’ perceived usefulness of online reviews, which

further affects the adoption of reviews (Zhang & Watts,

2008). However, informational factors alone may not be

adequate to account for individuals’ online review adoption

behavior (Cheung et al., 2009). In this study, we extend the

information

adoption model by incorporating two herd factors (i.e., imi-

tating others and discounting one’s own information). The

informational factors are employed to explain individuals’

online review adoption via the process of information-based

social interaction. More importantly, we use the two herd

factors to empirically show that individuals will also adopt

online reviews through the process of behavior-based social

interaction.

Second, this study adds to the existing IS literature by

empirically examining herd behavior in online review com-

munities. As far as we know, this study is one of the first to

address this issue. Research shows that many users herd to

download popular software (Duan et al., 2009), bid on low-

starting online auctions (Simonsohn & Ariely, 2008), and

invest money in the online P2P lending market (Lee & Lee,

2012). We extend these prior studies in two specific areas.

On the one hand, prior studies have primarily investigated

online herd behavior at the group level; thus, little insight

can be obtained to understand the cognitive processes of

how individuals herd (Sun, 2013). In this study, we consider

consumers’ herd behavior at the individual level. We

propose and validate a cognitive process to highlight that

herding will be determined by homophily and further lead to

the adoption of online reviews. On the other hand, compared

with recent research on online herding, consumers’ herd

behavior in online review communities receives little atten-

tion from scholars. In this study, we use discounting one’s

own information and imitating others to characterize con-

sumers’ herd behavior. We also empirically examine the

antecedents and consequences of these herd factors in online

review communities.

Finally, this study provides a new perspective for under-

standing the antecedents of herd factors. Prior research has

shown that decision uncertainty and observation of others’

behavior are basic conditions for herding. However, their

FIG. 2. Structural model.

Note. Values in brackets are t values; * denotes p < 0.05, ** denotes p <0.01, and *** denotes p < 0.001.
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effects on herd factors are found to be only marginal (Sun,

2013). It will be important to explore other factors that drive

individuals’ herd behavior. Consistent with Huang and

Chen’s (2006) findings, we expect that many online review

communities provide basic but insufficient conditions for

eliciting herding behavior. Drawing upon the homophily

theory from the marketing and sociology literature, we show

that background homophily and attitude homophily can

exert considerable effects on herd factors, which suggests

that a high level of homophily is conducive to herding. In

contrast, a low level of homophily may prevent herding.

This view is consistent with Goeree et al.’s (2006) study,

which showed that individuals with diverse preferences are

likely to diverge and act on their own information.

Implications for Practice

The findings of this research also provide insightful

implications for practitioners. The important role of infor-

mational factors suggests that designers and managers of

online review communities should always keep in mind

collecting and disseminating high quality online reviews.

They should pay attention to online reviews of low quality.

That is, they may wish to remove those with inaccurate

information, deliberate comments, or explicit advertise-

ments. In addition, they should encourage credible review

contributors to post comments on products. They are also

recommended to initiate reward programs to motivate these

review contributors to provide many high quality online

reviews in online communities.

Our findings show that informational factors may not be

enough to motivate consumers’ adoption of online reviews.

Designers and managers of online review communities

should consider developing strategies to harness the power

of herd behavior. A basic strategy may be to provide cues,

such as ranking lists, to show popular products and elicit

herding. Thus, consumers can easily identify and imitate the

behavior of many preceding others. More importantly, a

further strategy should be shedding light on similar attri-

butes, including background homophily and attitude

homophily, among community users. One possible approach

is to encourage online review contributors to provide their

background information (e.g., student, businessman, or trav-

eler) and attitude information (e.g., shopping preferences

and interests). These types of information can be displayed

in contributors’ personal profile pages and labeled alongside

their online reviews. In this case, consumers can easily iden-

tify online reviews from similar others. A recommendation

system can be established to facilitate this process. Thus,

consumers can receive or search for online reviews based on

their own preferences. Another possible approach is to illus-

trate ranking lists with different themes. The purpose of this

practice is to help consumers identify product choices from

many similar others. For instance, some themes may include

the most popular books for businessmen, the most popular

hotels for travelers, or the most popular restaurants for

couples. Finally, designers and managers can provide

sharing links in addition to online reviews and ranking lists.

Consumers can share this information with friends on social

networking sites. This is likely to increase the odds of

herding because members in online social networks are

expected to have many similar attributes.

Conclusion

It has been found that online reviews have a significant

influence on consumers’ decision-making processer. Moti-

vated by the need to enrich the understanding of why con-

sumers adopt online reviews, this study extends the

information adoption model by considering the role of herd

factors. According to our findings, herd factors are important

determinants of online review adoption, and homophily

factors have positive effects on herd factors. These findings

contribute to the literature by showing that informational

factors alone may be insufficient to provoke consumers’

adoption of online reviews. Practitioners will be more effec-

tive if they can also harness the power of herding. A better

strategy of eliciting herd behavior will be to help consumers

identify online reviews from many homophilous others. In

conclusion, we hope this research will trigger further theo-

retical and practical investigations of online herd behavior

with respect to online reviews.

Acknowledgments

The work described in this study was supported by grants

from National Natural Science Foundation of China

(No. 71201149, No. 71301125, and No. 71231007, China

Postdoctoral Science Foundation (No. 2014T70601), and

Humanities and Social Sciences Foundation of the Ministry

of Education, China (No. 13YJC630132).

References

Ahuja, M.K., & Thatcher, J.B. (2005). Moving beyond intentions and

toward the theory of trying: Effects of work environment and gender on

post-adoption information technology use. MIS Quarterly, 29(3), 427–

459.

Ajzen, I., & Fishbein, M. (1980). Understanding attitudes and predicting

social behavior. Englewood Cliffs, N.J.: Prentice-Hall.

Bailey, J.E., & Pearson, S.W. (1983). Development of a tool for measuring

and analyzing computer user satisfaction. Management Science, 29(5),

530–545.

Bandura, A. (1986). Social foundations of thought and action. Englewood

Cliffs, NJ: Prentice Hall.

Banerjee, A.V. (1992). A simple model of herd behavior. The Quarterly

Journal of Economics, 107(3), 797–817.

Berger, J., Sorensen, A.T., & Rasmussen, S.J. (2010). Positive effects of

negative publicity: When negative reviews increase sales. Marketing

Science, 29(5), 815–827.

Bikhchandani, S., Hirshleifer, D., & Welch, I. (1992). A theory of fads,

fashion, custom, and cultural change as informational cascades. The

Journal of Political Economy, 100(5), 992–1026.

Blanchard, A.L., & Markus, M.L. (2004). The experienced “sense” of a

virtual community: Characteristics and processes. The Data Base for

Advances in Information Systems, 35(1), 64–79.

Brown, J.J., & Reingen, P.H. (1987). Social ties and word-of-mouth referral

behavior. The Journal of Consumer Research, 14(3), 350–362.

10 JOURNAL OF THE ASSOCIATION FOR INFORMATION SCIENCE AND TECHNOLOGY—•• 2015

DOI: 10.1002/asi

JOURNAL OF THE ASSOCIATION FOR INFORMATION SCIENCE AND TECHNOLOGY—November 2016

DOI: 10.1002/asi

2763



Bruyn, A.D., & Lilien, G.L. (2008). A multi-stage model of word-of-mouth

influence through viral marketing. International Journal of Research in

Marketing, 25(3), 151–163.

Casaló, L.V., Flavián, C., & Guinalíu, M. (2010). Determinants of the

intention to participate in firm-hosted online travel communities and

effects on consumer behavioral intentions. Tourism Management, 31(6),

898–911.

Chen, S., & Chaiken, S. (1999). The heuristic-systematic model in its

broader context. In S. Chaiken & Y. Trope (Eds.), Dual-process theories

in social psychology (pp. 73–96). New York, NY, US: Guilford Press.

Chen, Y., Wang, Q., & Xie, J. (2011). Online social interactions: A natural

experiment on word of mouth versus observational learning. JMR,

Journal of Marketing Research, 48(2), 238–254.

Cheung, C.M.K., & Lee, M.K.O. (2010). A theoretical model of intentional

social action in online social networks. Decision Support Systems, 49(1),

24–30.

Cheung, C.M.K., & Thadani, D.R. (2012). The impact of electronic word-

of-mouth communication: A literature analysis and integrative model.

Decision Support Systems, 54(1), 461–470.

Cheung, C.M.K., Lee, M.K.O., & Rabjohn, N. (2008). The impact of

electronic word-of-mouth: The adoption of online opinions in online

customer communities. Internet Research, 18(3), 229–247.

Cheung, M.Y., Luo, C., Sia, C.L., & Chen, H. (2009). Credibility of elec-

tronic word-of-mouth: Informational and normative determinants of

on-line consumer recommendations. International Journal of Electronic

Commerce, 13(4), 9–38.

Chevalier, J.A., & Mayzlin, D. (2006). The effect of word of mouth on

sales: Online book reviews. JMR, Journal of Marketing Research, 43(3),

345–354.

Chin, W.W., Marcolin, B.L., & Newsted, P.R. (2003). A partial least squares

latent variable modeling approach for measuring interaction effects:

Results from a Monte Carlo simulation study and an electronic-

mail emotion/adoption study. Information Systems Research, 14(2),

189–217.

Chiu, C.-M., Hsu, M.-H., & Wang, E.T.G. (2006). Understanding knowl-

edge sharing in virtual communities: An integration of social capital and

social cognitive theories. Decision Support Systems, 42(3), 1872–1888.

Choi, J.J., Laibson, D., Madrian, B.C., & Metrick, A. (2003). Optimal

defaults. American Economic Review (Papers and Proceedings), 93(2),

180–185.

Connors, L., Mudambi, S.M., & Schuff, D. (2011). Is it the review or the

reviewer? A multi-method approach to determine the antecedents of

online review helpfulness. In Proceedings of the 44th Hawaii Interna-

tional Conference on System Sciences (pp. 1–10).

Davis, F.D. (1989). Perceived usefulness, perceived ease of use, and

user acceptance of information technology. MIS Quarterly, 13(3), 319–

340.

Devenow, A., & Welch, I. (1996). Rational herding in financial economics.

European Economic Review, 40(3–5), 603–615.

Duan, W., Gu, B., & Whinston, A.B. (2008). Do online reviews

matter?—An empirical investigation of panel data. Decision Support

Systems, 45(4), 1007–1016.

Duan, W., Gu, B., & Whinston, A.B. (2009). Informational cascades and

software adoption on the internet: An empirical investigation. MIS Quar-

terly, 33(1), 23–48.

eMarketer. (2013). Users seek out the truth in online reviews: Consumers

look for indicators of review authenticity. Retrieved from http://

www.emarketer.com/Article/Users-Seek-Truth-Online-Reviews/

1009656

Eagly, A.H., & Chaiken, S. (1993). The psychology of attitudes. Fort

Worth, TX: Harcourt Brace Jovanovich College Publishers.

Escalas, J.E., & Bettman, J.R. (2003). You are what they eat: The influence

of reference groups on consumers’ connections to brands. Journal of

Consumer Psychology: The Official Journal of the Society for Consumer

Psychology, 13(3), 339–348.

Forman, C., Ghose, A., & Wiesenfeld, B. (2008). Examining the relation-

ship between reviews and sales: The role of reviewer identity disclosure

in electronic markets. Information Systems Research, 19(3), 291–313.

Fornell, C., & Larcker, D.F. (1981). Structural equation models with unob-

servable variables and measurement error: Algebra and statistics. JMR,

Journal of Marketing Research, 18(3), 382–388.

Godes, D., & Mayzlin, D. (2004). Using online conversations to study

word-of-mouth communication. Marketing Science, 23(4), 545–560.

Godes, D., Mayzlin, D., Chen, Y., Das, S., Dellarocas, C., Pfeiffer, B., et al.

(2005). The firm’s management of social interactions. Marketing Letters,

16(3/4), 415–428.

Goeree, J.K., Palfrey, T.R., & Rogers, B.W. (2006). Social learning with

private and common values. Economic Theory, 28(2), 245–264.

Hair, J.F., Anderson, R.E., Tatham, R.L., & Black, W. (1998). Multivariate

data analysis (5th ed.). Upper Saddle River, N.J.: Prentice Hall.

Hoffer, E. (1955). The passionate state of mind. New York: Harper and

Brothers.

Huang, J.-H., & Chen, Y.-F. (2006). Herding in online product choice.

Psychology & Marketing, 23(5), 413–428.

Jansen, B.J., Zhang, M., Sobel, K., & Chowdury, A. (2009). Twitter power:

Tweets as electronic word of mouth. Journal of the American Society

for Information Science and Technology: JASIST, 60(11), 2169–

2188.

Ko, D.G., Kirsch, L.J., & King, W.R. (2005). Antecedents of knowledge

transfer from consultants to clients in enterprise system implementations.

MIS Quarterly, 29(1), 59–85.

Lao, P., & Singh, H. (2011). Herding behaviour in the Chinese and Indian

stock markets. Journal of Asian Economics, 22(6), 495–506.

Laumann, E.O. (1966). Prestige and association in an urban community: An

analysis of an urban stratification system. Indianapolis: Bobbs-Merrill.

Lee, E., & Lee, B. (2012). Herding behavior in online P2P lending: An

empirical investigation. Electronic Commerce Research and Applica-

tions, 11(5), 495–503.

Lee, M.K.O., Cheung, C.M.K., Lim, K.H., & Sia, C.L. (2006). Understand-

ing customer knowledge sharing in web-based discussion boards: An

exploratory study. Internet Research, 16(3), 289–303.

Levin, D.Z., & Cross, R. (2004). The strength of weak ties you can trust:

The mediating role of trust in effective knowledge transfer. Management

Science, 50(11), 1477–1490.

Liang, T.-P., Ho, Y.-T., Li, Y.-W., & Turban, E. (2011). What drives social

commerce: The role of social support and relationship quality. Interna-

tional Journal of Electronic Commerce, 16(2), 69–90.

Mason, C.H., & Perreault, W.D., Jr. (1991). Collinearity, power, and inter-

pretation of multiple regression analysis. JMR, Journal of Marketing

Research, 28(3), 268–280.

McCroskey, J.C., Richmond, V.P., & Daly, J.A. (1975). The development of

a measure of perceived homophily in interpersonal communication.

Human Communication Research, 1(4), 323–332.

McCroskey, L., McCroskey, J., & Richmond, V. (2006). Analysis and

improvement of the measurement of interpersonal attraction and

homophily. Communication Quarterly, 54(1), 1–31.

McPherson, M., Smith-Lovin, L., & Cook, J.M. (2001). Birds of a feather:

Homophily in social networks. Annual Review of Sociology, 27(1),

415–444.

Mudambi, S. (2010). What makes a helpful online review? A study of

customer reviews on amazon.com. MIS Quarterly, 34(1), 185–200.

Park, D.-H., Lee, J., & Han, I. (2007). The effect of on-line consumer reviews

on consumer purchasing intention: The moderating role of involvement.

International Journal of Electronic Commerce, 11(4), 125–148.

Petty, R.E., & Cacioppo, J.T. (1986). The elaboration likelihood model

of persuasion. Advances in Experimental Social Psychology, 19, 123–

205.

Podsakoff, P.M., & Organ, D.W. (1986). Self-reports in organizational

research: Problems and prospects. Journal of Management, 12(4), 531–

544.

Rogers, E.M. (1983). Diffusion of innovations. New York: Free Press.

Shen, X.-L., Cheung, C.M.K., & Lee, M.K.O. (2013). What leads students

to adopt information from Wikipedia? An empirical investigation into the

role of trust and information usefulness. British Journal of Educational

Technology: Journal of the Council for Educational Technology, 44(3),

502–517.

JOURNAL OF THE ASSOCIATION FOR INFORMATION SCIENCE AND TECHNOLOGY—•• 2015 11

DOI: 10.1002/asi

2764 JOURNAL OF THE ASSOCIATION FOR INFORMATION SCIENCE AND TECHNOLOGY—November 2016

DOI: 10.1002/asi



Simonsohn, U., & Ariely, D. (2008). When rational sellers face nonrational

buyers: Evidence from herding on eBay. Management Science, 54(9),

1624–1637.

Sun, H. (2009). Understanding herd behavior in technology adoption and

continued use: A longitudinal perspective. In Proceedings of Diffusion

Interest Group in Information Technology. Paper 11.

Sun, H. (2013). A longitudinal study of herd behavior in the adoption and

continued use of technology. MIS Quarterly, 37(4), 1013–1041.

Sussman, S.W., & Siegal, W.S. (2003). Informational influence in organi-

zations: An integrated approach to knowledge adoption. Information

Systems Research, 14(1), 47–65.

Venkatesh, V., & Morris, M.G. (2000). Why don’t men ever stop to ask for

directions? Gender, social influence, and their role in technology accep-

tance and usage behavior. MIS Quarterly, 24(1), 115–139.

Walden, E.A., & Browne, G.J. (2007). Sequential adoption theory: A theory

for understanding herding behavior in early adoption of novel

technologies. Journal of the Association for Information Systems, 10(1),

31–62.

Wathen, C.N., & Burkell, J. (2002). Believe it or not: Factors influencing

credibility on the web. Journal of the American Society for Information

Science and Technology: JASIST, 53(2), 134–144.

Wu, P., van der Heijden, H., & Korfiatis, N. (2011). The influences of

negativity and review quality on the helpfulness of online reviews. In

Proceedings of the 32nd International Conference on Information

Systems. Paper 1.

Zhang, J., & Liu, P. (2012). Rational herding in microloan markets. Man-

agement Science, 58(5), 892–912.

Zhang, K.Z.K., Zhao, S.J., Cheung, C.M.K., & Lee, M.K.O. (2014). Exam-

ining the influence of online reviews on consumers’ decision-making: A

heuristic-systematic model. Decision Support Systems, 67, 78–89.

Zhang, W., & Watts, S. (2008). Capitalizing on content: Information adop-

tion in two online communities. Journal of the Association for Informa-

tion Systems, 9(2), 73–94.

Zhu, F., & Zhang, X. (Michael) (2010). Impact of online consumer reviews

on sales: The moderating role of product and consumer characteristics.

Journal of Marketing, 74(2), 133–148.

12 JOURNAL OF THE ASSOCIATION FOR INFORMATION SCIENCE AND TECHNOLOGY—•• 2015

DOI: 10.1002/asi

JOURNAL OF THE ASSOCIATION FOR INFORMATION SCIENCE AND TECHNOLOGY—November 2016

DOI: 10.1002/asi

2765


